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Figure 3: Above are SAR Figure 2 (above): Cumulative LOS displacement time series maps from Sentinel-1 data over Yellowstone National Park from Feb. 22, 2017 to A) Oct. 8, 2017, B) July
scenes over Yellowstone 11, 2018, and C) Jan. 19, 2019. The complete time series, as shown in C, is generated using 117 interferograms produced on GMT5SAR and GIANT using descending
National Park and below Path 100 and Frames 441 & 446, (as of 12/3/19 and outlined in pink in Figure 3). Figures D-F show the time series at a specified pixel, corresponding to the
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learning will be performed on all data o
sets to detect geophysical hazards.
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Figure 4 (above): Atmospheric correction in SAR interferograms from the Generic Atmospheric Correction Online Services (GACOS). The interferogram
spans dates 09/02/17-10/20/17. This is a more extreme case that demonstrates how DINSAR results can be significantly effected when applying an
atmospheric correction.
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Figure 1: The left diagram shows how our automated InSAR code generates time series on GMTS5SAR (blue) and GIANT 1‘2"“{ and B. (Note change in Please contact
(gray). The entire process can take multiple days to compute on the Summit Supercomputer in Boulder. The diagram on . 4 ) ) ] . scale) ,
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the right shows our interpretation of Zebker & Zheng’s more efficient approach, which can take only hours to compute. : : —
questions or inquiries.
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